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Language Technologies, per LT-Innovate

Multi- and cross-lingual processing
covers all of the contexts in which the
presence of multiple languages in the
content communication chain
requires language-specific solutions.
In other words — translation and
localisation of content, cross-lingual
searching, cross-lingual spoken
dialogues, subtitling, captioning, etc.

Interactive communication covers all
processing and analytic operations of
spoken language (syntax, semantics
and pragmatics including emotion,
tone, and similar features) in face to
face or remote interaction contexts,
plus the automated production and
analysis of voices for robots and
avatars., It involves solutions that
cover the entire spectrum of
technology-aided multimodal
communication.

Intelligent content covers all processing and analytic operations that use natural
language processing (syntax & semantics) to parse, understand, link, categorise and
leverage text content found in any media (visual or textual documents), often
bundled inside other applications. It involves solutions that automate and
accelerate the production, communication, reception and comprehension of all

these content-centric processes.
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Language Technologies
* Multilingual
* Interactive
* Intelligent
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TS Hello = <2es> = <js>

Figure 1: The model architecture of the Multilingual GNMT system. In addition to what is described in [24],
our input has an artificial token to indicate the required target language. In this example, the token “<2es>"”
indicates that the target sentence is in Spanish, and the source sentence is reversed as a processing step. For
most of our experiments we also used direct connections between the encoder and decoder although we later
found out that the effect of these connections is negligible (however, once you train with those they have to
be present for inference as well). The rest of the model architecture is the same as in [24].

“Google’s Multilingual Neural Machine Translation System...”
https://arxiv.org/pdf/1611.04558v1.pdf



Text, speech
* Understanding
* Generation
Interactivity implies:
* Situational understanding
*  Production
¢ Statefulness
* Temporality
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news.

Join our waitlist

notified of new pre-order

Complete the form below to be

opportunities and other Jibo related

Conversational Interfaces (+ 10T)

See

Two hi-res cameras
recognize and track faces,
capture photos, and
enable immersive video

calling.

Learn

Artificial Intelligence
algorithms learn your
preferences to adapt and

fitinto your life.

Hear

360° microphones and
natural language
processing let you talk to
Jibo from anywhere in the

roaom.

Help

Like a personal assistant,

Jibo proactively helps you,

to make everyday tasks

simpler and easier.

Speak

Hands-free reminders and
messages, so you'll never

forget and can always be

in touch

Relate

Communicates and
expresses using natural
social and emotive cues so
you understand each other

better




Intelligent
LT-Innovate:

“Intelligent content covers all processing and
analytic operations that use natural language
processing (syntax & semantics) to parse,
understand, link, categorise, and leverage text
content...”

Contrast:
Cognitive systems synthesize, infer, and learn.



Cognitive?
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Technology, Model < Solution
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ﬂl 290 trump o clinton 23 2 o

&
47.0% votes | 61,201,021 62,523,126 | 48.0% votes

270 electoral votes to win

national map popular vote

@ trump @ clinton johnson @ stein @ other voting or processing key race

http://www.cnn.com/election/results/president
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A Journey Map

In 2013: Marketing Strategies That Connect Al
Touchpoints To Engage Customers At Scale

traditional
_ T The
mEdIa ?!'l'.l'.:'lﬂ'l'l'ltlrl-f.fﬂ L
Engaged
SDCI::-li Customer
media Journey

) . . EEmat. (D) Some Rights Reserved. 2013 E0G Dactisroun by Dien Hincheife
Dion Hinchcliffe

https://www.enterpriseirregulars.com/58013/social-media-marketing-predictions-for-2013-part-1/
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i 2 Journey Analytics Can Zoom In To Customer Journeys To Measure, Analyze, And Optimize Interactions

Company objective

Reduce care costs, improve quality of care JO u rn ey A n a Iyt iCS

Customer objective

| get the care | need to become healthy

Steps

Touchpoints

Primary
care
physician

Time
Duration 60 min

Timeline 0
(days)
Expectations
Easy to Easy to
reach find gOOd FOR CUSTOMER INSIGHTS PROFESSIONALS
call center quality . . .
— doctor Drive Customer Obsession With Journey
ccurate .
information Get Analytics
appOi_ntment Use Quantitative And Qualitative Customer Data To Analyze, Optimize, And Predict Behavior
Quickly by Tina Moffett and Joana van den Brink-Quintanilha
November 30, 2015

® = Moment of truth ¥ = Touchpoint [ = Step in the journey
@ = Good experience = Touchpoint with a partner = Step without interaction with the company 'ﬁs}.
@ = Pain point - - - = Interdependency %‘&7



@ 1BM WatsonAnalytics Geeraipentiot ¥

TARGETS ANALYSIS DETAIL TOP FIELD ASSOCIATIONS SALES FAVORITES
[ ]
This project has 1 target 131input fields were evaluated. 62 strong associations were ® & A model with high predictive 2 0 One insights has been marked as
120 were potentially useful. found between fields. strength using 20 inputs was found. a favorite.
Edit View

What predicts Purchase Made?

2 strong predictors and have been found and are shown below.
What influences Purchase Made? ® 2
o2 Y A
1038 2 3
Product Category, Gender, Region and Customer Device predicts Purchase
and Discount predict Satisfaction predict Made
Prxlci)crfive Purchase Made Purchase Made
Product Category ll
Combination Gender piscount T "Hnn
Sentiment Device Region I .ll
Two field
Product Category
Purchasev a o . Y
One field Made i What else is interesting about this?
Easier to
Understand

..,but store layout is a bit odd if you
Device : PARKING TOILETS STORE LAYOUT don't know the layout, it's not easy to
shop. There seems to be no natural
flow!

Average store but poor layout.

Stop putting alchohol all round the
store. Put the eggs in the cooking
items aisle.

see Web Sales Data -+

TOPIC IN CONTEXT
TOP |0 KEYWORDS

+ © Date v O Time v abc Source v abc Device

Don't keep changing the layout of the
store, most infuriating to go in and
find things have changed, wasting my
time hunting for items, | know this is a
sales ploy!!

TOPIC TRENDS
YOLUME / DAY

Store layout could be more legible.
The aisles were blocked by staff trol
lies and cages.

e

etuma

TOPIC TRENDS
SENTIMENT / DAY
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MACHINE INTELLIGENCE 3.0
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GRIT REPORT

Research & Insights

EMERGING METHODS TOTAL INTEREST

Under N
_m con51derati°n Tota] InterESt ’ 2016 Q1-Q2

Mobile Surveys
Mainstream
Online Communities 61% 22% 83%
Social Media Analytics 48% 28% 76%
Text Analytics 45% 27% 72%
Mobile Qualitative 44% 27% 71%
Webcam-Based Interviews 42% 23% 64%

. . Wide
Big Data Analytics 39% 30% 68% Adontion
Eye Tracking 36% 22% 57%

Micro-surveys 35% 25% 60%
Mobile Ethnography 34% 27% 61%
Behavioral Economics Models 31% 25% 56%

Alta Plana http://www.greenbook.org/grit @*‘\"“



Donald Trump is President-elect of the United States

Geo-tagged tweets in the 10 minutes following Trump victory peak Weak SOCial/
o .. Media Analytics

b 1 °

© ®
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Twitter analysis via Brandwatch | 10% of total mentions of Clinton and Trump | 9 November 2016 (ET) (2:43am - 2 o .
®
brandwatch

NETFLIX

————— ————
MENTIONS IMPRESSIONS HET SENTIMENT

-
Donald Trump Hillary Clinton

56.7% Pos | 43.3% Neg 56.2% Pos | 43.8% Neg 1 14 1 1 1 45M 57

181 10.TM

INTENSITY BY STATE EMERGING TOPICS
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http://www.nytimes.com/2016/08/12/us/politics/confederate-flag-trump-rally.html?_r=o
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Rating by Page A New World

B MOSTLY FALSE B MIX. OF TRUE AND FALSE HE MOSTLY TRUE
[INO FACTUAL CONTENT

Mainstream
ABC NEWS POLITICS 0.0% 1.0% 86.0% 13.0%

CNN POLITICS 0.0% 1.0% 94.1% 4.9%

POLITICO 00% 0.4% 98.5% 1.1%

)
=“|

ADDICTING INFO 5.7% 17.9% 68.6% 7.9%
- [
OCCUPY DEMOCRATS 4.3% 15.8% 48.8% 31.1%
. |
THE OTHER 98% 41% 8.2% 54.9% 32.8%
- |
Right

EAGLE RISING 10.5% 18.9% 42.3% 28.3%

|
FREEDOM DAILY 23.2% 23.2% 50.0% 3.6%

RIGHT WING NEWS 9.7% 33.2% 53.0% 4.1%

Hyperpartisan Facebook Pages Are Publishing False And Misleading

Information At An Alarming Rate
https://www.buzzfeed.com/craigsilverman/partisan-fb-pages-analysis
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TECHNOLOGY

For $2 a Star, an Online Retailer Gets 5-Star Product Reviews

Anti-Spam

By DAVID STREITFELD JAN. 26, 2012

,\

“
—

Rt
ey

A

Bing Liu, a computer science professor at the University of Illinois at Chicago, is trying to devise
mathematical models that can unmask fake product endorsements. “The incentives for faking are getting
bigger,” he said. “It's a very cheap way of marketing.” John Gress for The New York Times

http://www.nytimes.com/2012/01/27/technology/for-2-a-star-a-retailer-gets-5-star-reviews.html? r=2
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@ HEARTBEAT Ai

= function [group]

Election Resulis Prediction, Combined: Pennsylvania Outcome

4

flx]

Scoring the model against a new sample, the predicted winner of the lowa state, 2016 US election

is Donald Trump with 54% of votes, and an additional 20 Electoral Votes.

T

From / To

Donald Trump

Hillary Clinton
Total

2016 US Election Results: Pennsylvania*™*
Democratic Party (Hillary Clinton): 0 votes
Republican Party (Donald Trump): 20 votes

@

Total % Correct
83 96.39%
77 92.21%
160 94.38%

Models
Adapt

Donald Trump Hillary Clinton
80 3
6 71
86 74
Donald Trump Hillary Clinton
86/ 160 741160
54% 46%

*Confidence interval of 89.66% to 97.01% on predicted values of sample (n=160)

**Predicted results applied to Electoral votes within Pennsylvania (20 Electoral Votes). Source: http://www.politico.com/2016-election/res|

https://www.brandseye.com/imag

es/news/pro-trump-graph.png-
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Pro-Trump or anti-Clinton unique authors
as a percentage of all candidate sentiment
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on Kreindler ~

& Tryitout

Analyze People

M
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E + Explore AP
Personas

Analyze People

Paste Text Here

Bro. Bro. Listen to the kids. Jeremy, | gotta put it down for a second. It's beautiful—Jeremy Scott, the designer. First of all, thank you, Taylor, for being so gracious and giving me this awarc

to the first day | met you, also. You know, | think about, when I'm in the grocery store with my daughter and | have a really great conversation about fresh juice at—you know. And at the |
And like, | think about it sometimes—Iike, it crosses my mind a little when | go to a baseball game and 60,000 people boo me. Crosses my mind a little bit.

"And | think if | had to do it all again, what would | have done? Would | have worn a leather shirt? Would | have drank half a bottle of Hennessy and gave the rest of it to the audience? Y'al

Content Source:| Soclal Medla: Twitter, Facebook, Blog ~
He

Persanal Writing
Persanal Email Correspondence

Professional Correspondence

.
Social Media: Twitter, Facebook, Blog
Commercial ‘!NH'\II"E

Professional or Scientific Writing Intense drive.

— b Tends to be hard driving, competitive, with a sense of time urgency.
Other I threatened
CoNawrm nmma -

[__| Impulsive

Extraversion

Agreeable - 5.81

Neurolicism

Thinking Style _ 15.01

Power Driven

27.54
Tends to be impulsive and makes decisions quickly — often without 1

They may be considered a free spirit who enjoy living in the here-an

53.52 )
Disagreeable.

Likely often seen as critical, uncooperative, and even rude. Is likely a
71.57

Impulsive 88.34

Independent
Cold

Insecure

T7.42
Adjustad

49.99
Happiness 20.02

mariketing 1 | - 7




People Pattern Portrait Search

Discover your audience

Find, understand and activate your tar1qet audience with People Pattern using\the filters below. Search across a quarter-
billion portralts for people, located in Texas, that mention "Data Scientist” In their bic. Rather than the pre-packaged
personas of tradional marketing, People Pattern's data science offers flexibility by harnessing vast, messy, public

expression, stitching it with proprietary customer data, to create rich persona datasets and audience insights. [ o, 0
e r Personas & Affinities

5 _ Affinio Social Graph Analysis of
130.72K Portraits 1.57M Posts Download a sample of th
@DOTA vs @codworldleague

Audience & Audience attributes

¥l ad

Sandra Dewj M= [EEH ssam rotlowers 3710k Poss 84{ Gender
Actress, Model, TV Host and Business Wom. Infl

e Brandon Scott Miller B B ssmateners tomesss 59
Disney actor & son of Cartoon Network Se... Inl
%j Jason Dolley [P P 127M Foliowers 212 Posts 79{
b Actor, Disney Channel alumnus, fan of cas.. Infl
g Raini Rodriguez [ [T otM Followsss 1520 Bosts 78

o

[nfl - Interests

People call me Raini or that girl who looks...

Coco Rocha [ [ sa7.u7M Foliowars  0.00K Posts 7‘8:
ni

) | Cooking
Mama to #loniConran! #StudyOfPose my ...

bonl ]

Music

_’.‘1 Bradley Steven Perry [ B ancncratonsr zamcross 77
~  On Disney Channel's Good Luck Charlie &... Infl Religion

;1 Calum Wonhy [EFH 77083k Followers 5.68K Poste 77 3 0%

WY Often mistaken for Tilda Swinton. Star, writ.. Infl .

“& Adam Hicks I MW 2670 Foliowers 1.94K Posts 76{ . s :

“% The Officlal Adam Hicks Twitter. Actor. Sin.. | 0= B 2

14%
° Leo Howard I P se7sen Followers 107K Posts 74:
Leo Howard is a young actor who currentL... Infl DOTA 2 Ca” Of Duty
42:.‘1 Darren Simpson FHE B ztozscreiour: sosurpen: 724
i Morning Radio Host in Africa’s Greatest Cit... n 18 20 22 24 26 28 . . . . e .
http://www.slideshare.net/Affinio/affinio-analysis-
Keywords ®  Location @
of-dota-vs-codworldleague - o

® Disney 130.72K mentions .

— ‘ California 2%

Princess 9.02K mentions England 1%
® Walt 2.88K mentions Florida 1%
Te o
® Rapunzel 2.35K mentions G 5%
linois
! 0.4%
® Duffy 1.04K mentions 0% 2% e 0 I e
Persona analysis & Influencer identification « Individual portrait analysis & p p
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George
W. Bush "Jr" gov TX 1996-
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THE EMOTIONS ANALTTICS COMPANY

WHY EMOTIONS ANALYTICS APl

VALENCE

*BETA

Avariable ranging from negativity to
positivity. When listening to a person talk,
it is possible to understand how "positive”
or “negative” they feel about the subject,
object or event under discussion.

® @

Low High

92%

MOOD GROUPS

A key indicator of a speaker's emotional
state during the analyzed voice section.
The API produces a total of 11 mood
groups ranging from anger, loneliness and
self-control to happiness and excitement.

MARKET RESEARCH 'WELLNESS

S
AROUSAL

Avariable that ranges from tranquility or
boredom to alertness and excitement. It

corresponds to similar concepts such as

level of activation and stimulation.

(OO

Low High

an

COMBINED EMOTIONS

a combination of various basic emotions,
as expressed by the users voice during
an analyzed voice section.

B F L

TEMPER

An emotional measure that covers a
speaker's entire mood range. Low
temper describes depressive and
gloomy moods. Medium temper
describes friendly, warm and
embracive moods. High temper values
describe confrontational, domineering
and aggressive moods.

(OO0

Low Medum High

PUSH THE "PLAY" BUTTONS
TO HEAR LIVE EXAMPLES

http://www.beyondverbal.com/#wea

Alta Plana
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Facial coding demo at: https://labs-

portal.affectiva.com/portal/web-de



IBM Debating Technologies

Noam Slonim, IBM Haifa Research Lab

Feb 26, 2015, Rethinking the role of Social Sciences and Humanities (SSH) in Horizon 2020 N e e d e d

http://researcher.watson.ibm.com/researcher/view
group_pubs.php?grp=5443

Debating technologies — computational technologies developed
directly to enhance, support, and engage with human debating

_ Debating Technologies
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Routes to Market
|dentify

Respond

Package
* Tool
* Platform
* Application
* Solution

Apply
Differentiate

Alta Plana



Decisions
What’s your core capability?

What are your differentiators?
Tool, application, component, or solution?

Industry adaptation, e.g., hospitality, healthcare,
consumer electronics:

* Models.
* Workflow, interfaces, analyses.

NLP/information extraction capabilities.
Data sources handled & data availability.



Routes to Market
Academic commercialization office.

Angel, venture funding.

Program funding, for example EU, NSF, IARPA, or
SBIR.

Consulting/services funded.

Alliance with an integrator/consultancy, solution
provider, or customer.

Platform adherence.



U LT-ACCELERATE
CONFERENCE

Creating value via language technology

Language Technologies, Futures,
and Routes to Market

Seth Grimes

Alta Plana Corporation
@sethgrimes

November 21-22, 2016 — Brussels
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